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CONSPECTUS: Protein aggregation in aqueous cellular environments is linked to
diverse human diseases. Protein aggregation proceeds through a multistep process
initiated by conformational transitions, called protein misfolding, of monomer species
toward aggregation-prone structures. Various forms of aggregate species are generated
through the association of misfolded monomers including soluble oligomers and
amyloid fibrils. Elucidating the molecular mechanisms and driving forces involved in
the misfolding and subsequent association has been a central issue for understanding
and preventing protein aggregation diseases such as Alzheimer’s, Parkinson’s, and type
II diabetes.
In this Account, we provide a thermodynamic perspective of the misfolding and
aggregation of the amyloid-beta (Aβ) protein implicated in Alzheimer’s disease
through the application of fluctuating thermodynamics. This approach “dissects” the
conventional thermodynamic characterization of the end states into the one of the
fluctuating processes connecting them, and enables one to analyze variations in the thermodynamic functions that occur during
the course of protein conformational changes. The central quantity in this approach is the solvent-averaged effective energy, f =
Eu + Gsolv, comprising the protein potential energy (Eu) and the solvation free energy (Gsolv), whose time variation reflects the
protein dynamics on the free energy landscape. Protein configurational entropy is quantified by the magnitude of fluctuations in f.
We find that misfolding of the Aβ monomer when released from a membrane environment to an aqueous phase is driven by
favorable changes in protein potential energy and configurational entropy, but it is also accompanied by an unfavorable increase
in solvation free energy. The subsequent dimerization of the misfolded Aβ monomers occurs in two steps. The first step, where
two widely separated monomers come into contact distance, is driven by water-mediated attraction, that is, by a decrease in
solvation free energy, harnessing the monomer solvation free energy earned during the misfolding. The second step, where a
compact dimer structure is formed, is driven by direct protein−protein interactions, but again it is accompanied by an increase in
solvation free energy. The increased solvation free energy of the dimer will function as the driving force to recruit another Aβ
protein in the approach stage of subsequent oligomerizations.
The fluctuating thermodynamics analysis of the misfolding and dimerization of the Aβ protein indicates that the interaction of
the protein with surrounding water plays a critical role in protein aggregation. Such a water-centric perspective is further
corroborated by demonstrating that, for a large number of Aβ mutants and mutants of other protein systems, the change in the
experimental aggregation propensity upon mutation has a significant correlation with the protein solvation free energy change.
We also find striking discrimination between the positively and negatively charged residues on the protein surface by surrounding
water molecules, which is shown to play a crucial role in determining the protein aggregation propensity. We argue that the
protein total charge dictates such striking behavior of the surrounding water molecules. Our results provide new insights for
understanding and predicting the protein aggregation propensity, thereby offering novel design principles for producing
aggregation-resistant proteins for biotherapeutics.

1. INTRODUCTION
Proteins after synthesis normally fold into a specific, functional
three-dimensional structure that is soluble in aqueous environ-
ments. However, under certain intrinsic or external perturba-
tions, proteins convert from their native conformations into
non-native ones, termed as protein misfolding.1 The misfolded
proteins tend to aggregate by themselves to form dimers,
oligomers, and eventually fibrillar deposits called amyloid
fibrils.2 Such protein aggregates are often toxic and are
associated with a number of human diseases ranging from
neurodegenerative disorders to systemic amyloidoses.3 Eluci-
dating the molecular mechanisms and driving forces involved in
the misfolding and subsequent association has therefore been a

central issue for understanding and preventing protein
aggregation diseases such as Alzheimer’s, Parkinson’s, and
type II diabetes.4,5

In this Account, we present a thermodynamic perspective of
the misfolding and aggregation of the amyloid-beta (Aβ)
protein implicated in Alzheimer’s disease (AD).6 The Aβ
protein is derived through proteolytic cleavage from the
transmembrane amyloid-beta precursor protein.6 The Aβ
protein produced in this manner is presumed to possess a
helical structure, as inferred from the NMR structure
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determined in an organic solvent that mimics the membrane
environment7 (Figure 1a). When transferred from a membrane
to an aqueous environment, the Aβ protein undergoes
conformational transitions (Figure 1b) and exhibits a strong
propensity to aggregate.8 Misfolded Aβ proteins in an aqueous
phase self-assemble to form soluble oligomers and eventually
insoluble amyloid fibrils. Although amyloid fibrils have long
been suspected to be the disease agents in AD, a number of
recent studies indicate that Aβ oligomers are the main
pathogenic agents.9 This lead to more focus on the early
stage oligomers,10 in particular the Aβ dimer (Figure 1c), which
is the smallest oligomeric species impairing function and
synapse structure in the AD brain.11

Thermodynamics provides both a conceptual and a practical
framework to understand the occurrence of certain process in
terms of the free energy. However, the conventional statistical
thermodynamic approaches, for example, for protein folding12

and protein−ligand binding,13 are concerned only with the end
states of a process (the folded and unfolded states in the case of
protein folding). For example, Aβ dimerization is just
characterized by the free energy difference between the dimer
and two monomers. Yet, such a characterization does not
answer the following types of questions relevant to intervention
and the prevention of aggregation: (1) How and in what sense
does the Aβ monomer acquire its aggregation-prone nature
during misfolding? (2) In what way is the acquired aggregation-
prone nature actually used to drive the subsequent aggregation?
A process-based description is required to address these
fundamental questions, and fluctuating thermodynamicsthe
main subject of this Accountoffers a method for arriving at
such a description. This approach “dissects” the conventional
thermodynamic characterization of the two end states into the
thermodynamic description of the time-dependent, f luctuating
processes that connect them, and enables one to analyze how
the thermodynamic functions vary during biomolecular
processes of interest. By further applying the site-directed
thermodynamics analysis detailed below, it is possible to
identify the parts of the protein contributing the most to the
thermodynamic properties (thermodynamic “hot spots”).
Using this novel analysis method, we aim to provide a detailed
thermodynamic picture on the protein misfolding and
aggregation, which may be valuable in developing drugs to
prevent protein aggregation and also impact strategies to design
aggregation-resistant proteins as biotherapeutics.

2. FLUCTUATING THERMODYNAMICS

Free energy is the fundamental state function in statistical
thermodynamics. The free energy of state X (such as the folded
and unfolded states), denoted as FX, is related to the
configuration integral ZX, that is, the potential energy part in
the partition function, via FX = −kBT log ZX with Boltzmann’s
constant kB and the temperature T. For a protein dissolved in
water, ZX is given by the integration of the Boltzmann factor
over protein and water configurations. When one is primarily
interested in the protein configuration (collectively represented
as ru), integration can be performed over water configurations
concerning the parts in the Boltzmann factor associated with
protein−water and water−water interactions. Up to an
irrelevant constant and with β−1 = kBT, this results in the
following expression:12,14

∫ β= −r rZ fd exp[ ( )]u uX
X (1)

in terms of the solvent-averaged Boltzmann factor e−βf(ru). Here,
the integration is restricted to the region of the protein
conformational space associated with state X, and f(ru) = Eu(ru)
+ Gsolv(ru) is the solvent-averaged effective energy consisting of
the protein potential energy Eu(ru) and the solvation free
energy Gsolv(ru).
The free energy difference FB − FA between two states A and

B is the reversible work for transforming the system from state
A to state B. Similarly, the free energy difference can be
introduced for a microscopic, or fluctuating, process in which
the protein conformation is changed from ru to ru′ in water, and
it is given by f(ru′) − f(ru). This holds because f(ru) is precisely
the reversible work for a process in which protein constituent
atoms are moved from infinite separation in vacuum to a
particular conformation ru in water: Eu(ru) corresponds to the
reversible work to form a protein of conformation ru in vacuum,
and Gsolv(ru) accounts for the solvation process. The quantity
f(ru) thus defines a hypersurface in the protein configuration
space referred to as the free energy landscape.12

This notion of f(ru) allows us to perform thermodynamic
analysis on protein fluctuating processes. Two different types of
approaches are conceivable for such fluctuating thermody-
namics. The first one is based on the following Langevin-type
equation (with ru,i denoting the position of a constituent atom i
and mi its mass)

Figure 1. Misfolding of the Aβ protein in an aqueous phase when transferred from a membrane environment, and subsequent dimerization. Here,
the initial helical structure (a) is taken from NMR determined in a membrane-mimicking organic solvent (PDB ID: 1IYT),7 whereas the misfolded
(b) and dimer structures (c) are taken from our simulations.
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in which the bare friction coefficient γ0 and the random force
Ru,i(t) are connected via the fluctuation−dissipation relation. By
identifying −∂f(ru)/∂ru dru(t) as the reversible work and (−γ0ru̇
+ Ru(t))dru(t) as the heat transferred from the environment
during the infinitesimal time dt, eq 2 not only generates protein
dynamics on the free energy landscape f(ru), but also allows one
to analyze thermodynamics along the trajectory ru(t).

15

However, this approach is not realistic for proteins since a
reliable estimation of Gsolv(ru) to determine f(ru) is a nontrivial
task for such complex systems and repeating this calculation for
each integration time step is computationally quite demanding.
Alternativelyand this is the analysis method we employ in

this Account under the name of fluctuating thermodynamics
one can perform thermodynamic analysis for protein fluctuating
processes by combining molecular dynamics (MD) simulations
with the equilibrium distribution function theory for surround-
ing water molecules. In this approach, MD simulations are first
carried out with explicit water to generate protein conforma-
tional fluctuations in an aqueous environment. From the
simulation trajectories, one then extracts the protein con-
formation ru only, replacing surrounding explicit water
molecules with their equilibrium distribution. This replacement
amounts to assuming time scale separation, which is a
reasonable approximation since the time scales for sensible
protein conformational changes (typically, nanosecond or
longer time scales) are much longer than those for water
dynamics (picosecond time scales). The protein potential
energy Eu(ru) can be calculated using the force field employed
in the simulations. The equilibrium water distribution can be
obtained based on the integral-equation theory of molecular
liquids, from which solvation thermodynamic functions such as
Gsolv(ru) and its enthalpy and entropy components can be
computed: in the applications presented below, the three-
dimensional reference interaction site model (3D-RISM)
theory16,17 was employed for this purpose. In this way, one
obtains the free energy f(ru) = Eu(ru) + Gsolv(ru) along the
protein conformational fluctuations. This allows us to address
questions such as the role of the intrinsic properties of protein
(Eu) and water (Gsolv) and whether the process is enthalpically
or entropically driven.
One can also “integrate” the fluctuating thermodynamics to

recover the conventional thermodynamics description. Indeed,
the free energy difference FB − FA between states A and B can
be computed from the statistical properties of f(ru) in these
states.14,18 To see this, one first rewrites eq 1 as ZX = ∫ dfW( f)
e−βf with the distribution of f, W( f) ∝ ∫ X dru δ( f − f(ru)),
normalized such that ∫ df W( f) = 1. Here, the terms irrelevant
to the free energy difference are omitted (see ref 18 for details).
W( f) has been found to be close to the Gaussian distribution
for folded and unfolded proteins,18 as well as for intrinsically
disordered proteins.19,20 This holds as a result of the central
limit theorem since f(ru) = Eu(ru) + Gsolv(ru) comprises the sum
of a number of canceling energy terms. In this case, the
configuration integral ZX, and hence the free energy FX, can be
expressed in terms of the mean ( f)̅ and fluctuations (σf

2) of f
values sampled in state X14,18

β σ= ̅ − =F f TS TS; ( /2) fX conf conf
2

(3)

Here, the term associated with σf
2 is identified as the protein

configurational entropy (Sconf) since it quantifies the extent to
which a protein explores the free energy landscape. We
previously demonstrated for the protein villin headpiece
subdomain that the protein-folding free energy computed
based on eq 3 is in accord with the experimental results.18

3. SITE-DIRECTED THERMODYNAMICS
Fluctuating thermodynamics thus allow us to carry out not only
the conventional thermodynamic characterization of the end
states, but also thermodynamic analysis on fluctuating processes
through f(ru). However, f(ru) is just a single number for a
particular protein conformation ru; it does not by itself tell us
which parts of the protein contribute the most to the change in
f(ru). Therefore, a method identifying such thermodynamic hot
spots is desirable. To this end, decomposing f(ru) into various
useful forms, for example, into contributions from individual
energy components such as electrostatic and Lennard−Jones
(LJ) terms and from atom groups such as amino-acid residues
and functional groups, is indispensable.
Such a decomposition is straightforward for the protein

potential energy Eu(ru). In contrast, the decomposition of
solvation thermodynamic functions such as Gsolv(ru) is not
obvious. To demonstrate their decomposability, we first analyze
the average protein−water interaction energy,21,22 Euv(ru) =
⟨Euv(ru,rv)⟩, where Euv(ru,rv) is the protein−water interaction
potential and ⟨···⟩ is the equilibrium average over water
configurations rv. Since Euv(ru,rv) consists of interaction
potentials (uij) between the constituent atoms of the protein
and those of water, we obtain Euv(ru) = Σi∈uΣj∈v⟨uij(|ru,i − rv,j|)⟩.
Clearly, Euv(ru) is decomposable into atomic contributions.
Since uij is typically a sum of LJ and electrostatic terms, Euv(ru)
can further be partitioned into these energy terms. Finally, we
note that this expression for Euv(ru) can be written in terms of
the equilibrium radial distribution function gij(r;ru) as

∫∑ ∑ π ρ=
∈ ∈

r rE r ru r g r( ) 4 d ( ) ( ; )uv u
i u j v

ij ij u
2

(4)

where ρ is the average number density of water.
An exact expression similar to eq 4 can be derived for the

solvation free energy Gsolv(ru),
22

∫ ∫∑ ∑ λ π
λ

λ
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∂
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This expression explicitly demonstrates that Gsolv(ru) is
decomposable. The only essential difference from eq 4 is the
“charging parameter” λ, which gradually turns on the protein−
water interaction from no interaction (λ = 0) to full interaction
(λ = 1) along some path. gij(r;ru;λ) is the equilibrium radial
distribution function when the charging parameter is λ, which
can also be computed from the integral-equation theory such as
the 3D-RISM theory. Various paths for λ may be considered,
and so the decomposition represented by eq 5 is exact but not
unique. (We notice that the integrated result for Gsolv(ru) is
independent of the path.) However, the most “natural” path
exists, which is to first turn on the LJ interaction and then the
electrostatic interaction.22 The corresponding decomposition of
the solvation enthalpy and solvation entropy also follows from
the temperature derivative of eq 5.23,24 Thus, f(ru) and its
enthalpy and entropy components are decomposable, and such
site-directed analysis elucidates the molecular origin of the
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change in thermodynamic properties during fluctuating
processes.

4. MISFOLDING OF Aβ42 PROTEIN

We applied the fluctuating thermodynamics analysis to the
misfolding of the 42-residue form of the Aβ protein (Aβ42).19

We first conducted MD simulations by placing in explicit water
an Aβ42 monomer of helical form as determined in an organic
solvent mimicking a membrane environment.25 A representa-
tive misfolding process from our simulations is shown in Figure
2a. We computed f(ru) = Eu(ru) + Gsolv(ru) values along the
simulation trajectories, and then constructed the distribution
W( f) of f for the initial helical state and the one for the
misfolded state. Both distributions were found to be close to
the Gaussian distribution,19 allowing us to compute the change
in free energy upon misfolding (see eq 3) and its components.
The value of ΔF was found to be −39.6 kcal/mol, which

indicates that the misfolding of the Aβ42 helical structure in an
aqueous environment is highly spontaneous. This free energy
difference consists of ΔEu = −91.0 kcal/mol, ΔGsolv = +72.2
kcal/mol, and TΔSconf = +20.9 kcal/mol, that is, the Aβ42
misfolding is driven by a decrease in intraprotein energy and an
increase in protein configurational entropy, but it is also
accompanied by an increase in solvation free energy (Figure
2b). We note here that Gsolv measures the affinity toward the
solvent water, and thus protein conformations with larger Gsolv
values can be considered to be more hydrophobic and exhibit a
greater tendency to cluster in water. Thus, the misfolded Aβ42
monomer is more prone to aggregation in aqueous environ-
ments.
The fluctuating thermodynamics analysis of the trajectory

combined with the site-directed analysis further elucidates the
molecular origin of the increase in the hydrophobicity of the
Aβ42 monomer during its misfolding.19 The increase in Gsolv
upon misfolding is predominantly determined by the electro-

Figure 2. Fluctuating thermodynamics analysis of the Aβ42 misfolding. (a) A representative misfolding process. The positions of the residues K16
and A42 are indicated with sphere representation in the 11 and 25 ns structures. (b) Solvation free energy Gsolv versus simulation time (the initial
value is set to zero). (c) Decomposition of Gsolv into the LJ (blue) and electrostatic (red) terms. (d) Decomposition of Gsolv into hydrophobic
residue (blue) and hydrophilic residue (red) contributions. (e) Site-resolved Gsolv at 11 ns (top), 25 ns (middle), and 43 ns (bottom). Contributions
from positively charged residues are colored with blue, negatively charged residues with red, and neutral residues with black. Dashed boxes indicate
the residue regions referred to in the main text.
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static term (Figure 2c) and the contribution from the
hydrophilic residues (Figure 2d). To further explore the
structural origin of the increase in Gsolv, the simulation
trajectory was divided into three time regions. The structural
characteristic in the first (up to 18 ns) time regime is the
unfolding of the initial helix structure, in particular in the N-
terminal (residues 1−11) region which is rich in charged
residues. Upon the disruption of the helical structure, these
charged residues start to form salt-bridges, and the concomitant
dehydration of these residues increases Gsolv in this time regime.
This feature can be confirmed from the residue-decomposed
result (Figure 2e), from which one observes that Gsolv in the N-
terminal portion already increased significantly at 11 ns. In the
second (18−43 ns) time regime, a salt-bridge between K16 and
A42 is formed, which further increases Gsolv; this can also be
verified from the residue-resolved Gsolv at 25 ns. In the final
(43−50 ns) time regime, nonlocal backbone hydrogen bonds
develop between the central (residues 16−18) and C-terminal
(residues 39−42) regions, and the dehydration of these regions
additionally increases Gsolv. In this way, one understands how
the Aβ42 monomer acquires its aggregation-prone nature
during misfolding.

5. DIMERIZATION OF Aβ42 PROTEINS

To study the dimerization of the misfolded Aβ42 monomers,
unbiased dimerization simulations were carried out by placing
the two misfolded monomers 45 Å apart from each other with a
random orientation.24,26 To characterize the dimerization, we
monitored the intermonomer center-of-mass (COM) distance
and heavy atom contacts (Figures 3a and b).
Two distinct stages, termed the approach and structural

adjustment stages (Figure 3c), are discernible following the
diffusive regime of the two monomers. Up to 32 ns, the two
monomers make transient contacts, but readily dissociate into
two diffusing monomers. The COM distance exhibits a large
drop between 32 and 47 ns, and this time interval is referred to

Figure 3. Structural characterization of the Aβ42 dimerization. (a) Intermonomer COM distance and (b) heavy atom contacts versus simulation
time. In this and the following Figure 4, the diffusive regime (0−32 ns), the approach stage (32−47 ns, colored light yellow), and the structural
adjustment stage (47−100 ns, colored light orange) are separated by vertical dashed lines. (c) Representative Aβ42 dimer conformations from the
simulation.

Figure 4. Thermodynamic characterization of the Aβ42 dimerization.
(a) Free energy f, (b) protein energy Eu, and (c) solvation free energy
Gsolv versus simulation time. The initial values are set to zero, and
running averages over 5 ns are shown in red.
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as the approach stage. The dynamics in this stage are not
monotonic. For example, another transient dimer with a
different relative orientation is formed at 35 ns, but this falls
apart at 44 ns since a sufficient number of intermonomer
contacts are not developed to stabilize this dimer conformation.
The association of the two monomers is observed again at 47
ns with different conformations and a contact interface. After
47 ns, the number of intermonomer contacts is significantly
increased, and the two monomers remain in contact until the
end of the simulation time (100 ns). Since the conformational
adjustment in the two monomers to make up favorable
intermonomer interactions is the most distinctive feature after
47 ns, this time regime is termed as the structural adjustment
stage. Such conformational changes result in a more compact
dimer structure.
Fluctuating thermodynamics analysis was then applied to

uncover the driving factors of the respective stages of
dimerization.24 The driving forces must originate from f = Eu
+ Gsolv since the protein configurational entropy decreases upon

dimer formation. (We note that Eu here comprises both intra-
and intermonomer contributions.) Indeed, we confirmed that
the free energy f decreases as the dimerization proceeds (Figure
4a). Interestingly, the decrease in f in the approach and
structural adjustment regimes has different origins. We find that
the thermodynamic force driving the approach of two
monomers is the decrease in Gsolv (Figure 4c). Thus, the
large hydrophobicity (Gsolv) of the misfolded monomers
acquired during their conformational changes in water as a
monomer is harnessed to drive the approach process of the two
monomers to a contact distance.
Our result on the thermodynamic driving force in the

approach stage is understandable in light of the fact that the
two negatively charged Aβ42 monomers (the total charge of an
Aβ42 monomer at neutral pH is −3) would not approach each
other if there were no water-mediated attraction that
overcomes the electrostatic repulsion. To gain more insight
into the underlying molecular mechanisms, we provide a
pictorial representation of the end structure of the approach

Figure 5. Site-directed thermodynamics analysis of the Aβ42 dimerization. (a) The initial structure (0 ns) and the end structures of the approach
stage (47 ns) and the structural adjustment stage (100 ns) are shown with surface representation in which each residue is colored according to its
site-resolved Gsolv value relative to that of the initial structure. Numerical values are plotted in (b) for the 47 ns structure and (c) for the 100 ns
structure, where the residue number for the first (second) monomer ranges from 1 (43) to 42 (84). Contributions from positively charged residues
are colored with blue, negatively charged residues with red, and neutral residues with black. Residues located at the dimer interface are indicated with
green star.
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stage in which the protein residues are colored according to the
site-resolved Gsolv (Figure 5a and b). We find that the
hydrophilic residues, in particular the negatively charged
residues, get more hydrated in the approach stage of
dimerization. Thus, it is the water-mediated force (solvation
free energy) acting more strongly on the hydrophilic residues
that plays a crucial role to bring two proteins from a long
distance to a contact length.
In contrast, the thermodynamic force driving the structural

adjustment stage is the protein potential energy Eu, which
decreases in this stage (Figure 4b). Direct protein−protein
interactions such as intermonomer van der Waals contacts and
hydrogen bonds come into play after atomic contacts are
developed between two monomers. The decrease in Eu as the
structural adjustment proceeds toward a compact dimer
structure reflects its energetic stabilization. Interestingly, such
structural adjustment also accompanies an increase in the
solvation free energy (Figure 4c), which originates from the
dehydration of the protein surface and of the interfacial region.
This feature can be confirmed from the end structure of the
structural adjustment stage in which the protein residues are
color-coded by the site-resolved Gsolv (Figure 5a and c). The
enhanced solvation free energy of the Aβ42 dimer will function
as the driving force to recruit another Aβ42 protein in the
approach stage of subsequent oligomerizations.

6. DISTINCT ROLE OF HYDRATION WATER IN
DETERMINING PROTEIN AGGREGATION
PROPENSITY

The fluctuating thermodynamics analysis of the Aβ42
misfolding and dimerization presented so far indicates that
the protein−water interaction quantified by the solvation free
energy plays a crucial role in initiating protein aggregation. In

particular, it suggests that proteins with higher solvation free
energies are more prone to aggregate. To further corroborate
such a water-centric perspective, we examined how the effect of
mutations on protein aggregation propensity can be accounted
for by the solvation free energy. For this purpose, 22 mutants of
the Aβ42 protein, 21 mutants of the N-terminal domain of the
protein HypF (HypF-N), and 15 mutants of acylphosphatase
(AcP) were studied, for which the experimental data for the
aggregation propensity are available.27 The equilibrium solution
structures of these mutants and their wild types were sampled
via explicit-water MD simulations, followed by computation of
the average solvation free energy Gsolv.

27 It is observed that the
experimental change in aggregation propensity upon mutation
has a significant correlation with the change in Gsolv (Figure 6).
This result clearly indicates the distinct role of hydration water
in dictating protein aggregation propensity.
As shown in Figure 2c and d, the electrostatic interaction

exerted on the hydrophilic residues is the major determinant of
the change in Gsolv. The dominance of the electrostatic term
implies that the charged residues are more important than the
neutral ones. Indeed, the charged residues more significantly
affect the solvation free energy than the neutral ones (Figure 7).
Interestingly, the positively and negatively charged residues
exhibit contrasting behavior depending on the protein total
charge.27,28 When the total charge of a protein is negative as in
Aβ42 (Figure 7a) and HypF-N (Figure 7b), the negatively
charged residues display a much stronger affinity for water (i.e.,
much more negative solvation free energy) than the positively
charged ones. AcP, which has a positive total charge, exhibits
just the opposite trend: the solvation free energy of the
positively charged residues is much more negative than that of
the negatively charged ones (Figure 7c).

Figure 6. Aggregation propensity versus solvation free energy. Experimental aggregation propensity change log( fmut/fwt) is plotted versus solvation
free energy change, ΔGsolv = Gsolv(mut) − Gsolv(wt), of the mutant (mut) and wild-type (wt) proteins for (a) Aβ42, (b) HypF-N, and (c) AcP.
Pearson correlation coefficient (R) and statistical significance (P value) are shown. Representative simulation structures of the wild-type proteins and
their net charges are also displayed.
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The long-distance hydration structure is the key to
understanding this striking behavior.27 Because the electrostatic
interaction is long-range, the long-distance hydration structure
of a charged residue is also influenced by neighboring charged
residues. For example, the negative net charge of Aβ42 and
HypF-N generates such an equilibrium orientational distribu-
tion of the surrounding water in which the hydrogen of water
points toward the protein. Such a water orientational
distribution at long distances provides favorable electrostatic
interaction with the negatively charged residues, but an
unfavorable interaction with the positively charged residues,
leading to more preferential solvation of the negatively charged
residues. Applying the same argument, it is understood that
more preferential solvation of the positively charged residues is
brought about on the surface of a protein whose total charge is
positive as in AcP. Together with the observation that Gsolv

strongly depends on the protein conformation (Figure 2b),
these results demonstrate that the solvation free energy of
amino acids depends on the context; consequently, the overall
hydrophobicity of a protein cannot be understood solely from
the sequence using, for example, conventional hydrophobicity
scales determined for free amino acids.29

7. CONCLUSION AND PERSPECTIVE

Since the first protein crystal structure was resolved, “static” or
“rigid” views such as the lock-and-key enzyme specificity and
antibody−antigen structural complementarity have served as
the guiding principles to elucidate the structure−function
relationships. Although such views are useful and work for a
number of proteins, recent discovery that many proteins or
protein regions are inherently unstructured has directed our
attention to the relevance of conformational disorders and their
fluctuating processes.30,31 Because biomolecular assembly
processes are largely under thermodynamic control,32 dynamic
extension of thermodynamics is necessary to uncover the
mechanisms and driving factors of fluctuating processes. The
fluctuating thermodynamics method presented in this Account
offers a practical means for the thermodynamic characterization
of conformational dynamics in biomolecules. In particular, this
approach does not call for the presence of a well-defined folded
structure. Indeed, the Aβ42 protein mainly studied in this
Account is disordered in aqueous environments, and the
thermodynamic characterization of its conformational disorder
in terms of the configurational entropy using widely employed
methods such as the quasi-harmonic approximation33 has been
difficult. Together with site-directed analysis which allows one
to indentify thermodynamic hot spots, the use of fluctuating

Figure 7. Site-directed analysis of solvation free energy. Site-resolved Gsolv is shown for (a) the wild-type Aβ42, (b) HypF-N, and (c) AcP.
Contributions from positively charged residues are colored with blue, negatively charged residues with red, and neutral residues with black.

Accounts of Chemical Research Article

DOI: 10.1021/acs.accounts.5b00032
Acc. Chem. Res. 2015, 48, 956−965

963

http://dx.doi.org/10.1021/acs.accounts.5b00032


thermodynamics has the potential to provide a comprehensive
picture of fluctuating phenomena in diverse biological
processes. It will also be valuable for establishing a dynamic
paradigm on how biological activity is encoded in protein
conformational disorder.
Through the application of fluctuating thermodynamics, we

provide a thermodynamic perspective on the misfolding and
aggregation of the Aβ42 protein which is implicated in
Alzheimer’s disease. We find that the Aβ42 monomer acquires
a large solvation free energy, that is, becomes more “hydro-
phobic”, through the misfolding that occurs when it is released
into an extracellular aqueous environment from the membrane.
The hydrophobic nature of the misfolded Aβ42 monomer
contributes to its aggregation propensity since hydrophobic
particles tend to cluster in aqueous environments.34,35 Indeed,
our observation that the decrease in solvation free energy, that
is, water-induced attraction,36 is the driving factor in the
approach stage of forming a contact dimer confirms this view.
Interestingly, after two monomers form a contact dimer,
additional conformational changes occur, resulting in a more
compact structure, and during this structural adjustment stage,
the Aβ42 dimer acquires more hydrophobicity and aggregation-
prone nature. The increased hydrophobicity of the Aβ42 dimer
will then function as the driving force in subsequent
oligomerizations. The relevance of the solvation free energy
in determining the aggregation-prone nature was further
corroborated by demonstrating that, for a large number of
proteins, the experimental aggregation propensity has a
significant correlation with the solvation free energy.
Site-directed thermodynamics analysis further elucidates the

molecular origin of the change in the overall protein
hydrophobicity (solvation free energy) during the misfolding
and aggregation processes. It is observed that the electrostatic
term and the contribution from hydrophilic residues dominate
the change in solvation free energy in these processes. In
particular, we find that, depending on the protein total charge,
the positively and negatively charged residues each have a
distinct role in determining the protein aggregation propensity.
This finding has significant implications in controlling protein
aggregation propensity through site-directed mutagenesis.
When the protein total charge is negative, the solubility of
the protein in principle increases (decreases) if a neutral amino
acid is mutated to a negatively (positively) charged one. For
proteins with a positive net charge, the role of negatively and
positively charged residues is reversed. Our analyses thus
provide new insights for understanding and predicting protein
aggregation propensity, thereby offering novel design principles
for producing aggregation-resistant proteins for biotherapeutics.
Fluctuating thermodynamics presented in this Account offers

a general framework for obtaining site-specific and time-
resolved thermodynamic quantities associated with fluctuating
processes. On the other hand, there are several possibilities in
implementing this general approach with specific computa-
tional methods. The application of enhanced sampling
algorithms37 and methods such as the Markov state model38

may be valuable for more efficient exploration of the protein
conformational state, the combination of which has recently
been used to identify metastable conformations relevant to
aggregation of an intrinsically disordered protein.39 For an
accurate description of the free energy landscape, it is essential
to have a reliable method for computing the solvation free
energy. The 3D-RISM theory adopted here is known as one of
the most successful methods, but it has several drawbacks, in

particular in handling hydrophobic solutes, because of which its
applicability to systems exhibiting extended hydrophobic
surfaces40 is questionable. In this regard, we have recently
developed a density-functional theory that exactly takes into
account the intramolecular correlations of the solvent water.41

Promising results on the solvation free energy have been
reported based on such a theory for an extensive number of
small neutral molecules.42 Fluctuating thermodynamics analysis
combined with these advanced computational methods will
significantly enlarge the range of its applicability.
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